CEO ABILITY AND CORPORATE OPACITY
Ozge Uygur12
Accounting and Finance Department, Rohrer College of Business, Rowan University

Abstract
I examine the effect of CEO ability on corporate opacity, using a unique measure based
on how well CEOs forecast US presidential elections. I argue that high-ability CEOs may
create greater transparency to convey their ability to the market, while low-ability CEOs
may be limiting the available information. I find that firms with high-ability CEOs are
significantly less opaque than firms with low-ability CEOs. Finally, I show that the
deteriorating impact of corporate opacity on firm performance decreases when the
decision belongs to a high-ability CEO. Overall, my analysis suggests that CEO ability is
an important factor for corporate opacity.
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CEO ABILITY AND CORPORATE OPACITY
1. INTRODUCTION
Publicly traded firms are mandated to provide extensive disclosure by the
regulators, yet considerable variation in the additional information provided to the capital
markets still exists. Firms have substantial discretion over the mandatory disclosures,
about the informativeness of the disclosures and the details provided (Lang and
Lundholm, 1996). There has been a remarkable body of research evaluating the reasons
of such variations in voluntary disclosure. Healy and Palepu (2001), for example,
consider the reduction of information asymmetries and mitigation of agency costs as the
main consequences of having a less opaque firm. Information asymmetry problems may
lead capital markets to possibly undervalue good firms (Akerlof, 1970). A high level of
disclosed information allows precise valuations and induces investors to hold the
company’s stock. Such an increase in liquidity also increases the demand; therefore,
raises the stock price, which in turn decreases the cost of capital (Diamond and
Verrecchia, 1991; Healy and Palepu, 2001; Easley and O'Hara, 2004). In addition,
Verrecchia (1983; 2001) suggests that investors interpret withheld information as
unfavorable and consequently discounts the firm’s value. Prior literature also associates
corporate opacity with the agency problem between the controlling and outside
shareholders. Faccio et al. (2001), for instance, suggest that high opacity levels make it
difficult for outside shareholders to recognize expropriation. Leuz et al. (2003) argue that
controlling shareholders may increase firm opacity to make their private benefit of
control possible. In addition, Anderson et al. (2009) reports that corporate opacity can
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lead to severe conflicts of interests between founding family members and minority
shareholders.
In this paper, I argue that the ability level of the Chief Executive Officer (CEO)
might also be an important factor for corporate opacity. The asymmetric information
between the CEO and the outside shareholders may also include the ability level of the
CEO. In other words, investors in the market may be unable to fully observe the CEO’s
ability level, while the CEO is aware of his abilities. Then, the CEO would also be aware
that his abilities will be assessed by the market based on the firm characteristics, such as
firm performance, success of his investment and/or R&D decisions (Holmstrom, 1999).
There are several papers that establish an empirical link between CEO ability and
firm performance, suggesting that CEOs with greater ability levels provide better firm
performance for their shareholders (Bertrand, Schoar (2003), Perez-Gonzales (2006),
Falato et. al. (2009)). A high-ability CEO may also choose to disclose more information,
therefore create lower corporate opacity, in order to signal the market about his superior
skills, whereas a low-ability CEO may not choose to do such signaling. It would be costly
for a less-skilled CEO to provide more information available to the market, since the
public will be able to better evaluate his decisions, and this may reveal his true ability
level. Low-ability CEOs may signal-jam the market’s inferences about their ability levels
by not providing full information and misleading the market, so that they hide behind the
shield of high corporate opacity (Narayanan, 1985; Fudenberg and Tirole, 1986; Stein,
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1989; Holmstrom, 1999)3. This argument is similar to Holmstrom’s (1999) suggestion
that an undervalued manager would be willing to take more risky projects in order to
prove himself, implying that risk-taking in itself would be a signal of talent, whereas
others will jam the signals by not taking the investments. Therefore, I argue that highability CEOs promote corporate transparency. If so, I expect to observe a negative
relation between the CEO ability and the corporate opacity.
An alternative explanation for any association between CEO ability and corporate
opacity may also be about the CEOs’ preferences of the companies they want to work for.
A low-ability CEO may seek to work in a high-opaque firm, in order to make it difficult
for outsiders to evaluate his performance. The above two arguments are both plausible,
and it is very difficult to distinguish between them. However, they both imply the same
directional relation between CEO ability and corporate opacity and suggest that CEO
ability is associated with the financial transparency. Thus, I hypothesize that there is a
negative association between CEO ability and corporate opacity.
Finally, I examine the value impact of opacity with the presence of high- or lowability CEOs. In other words, I evaluate the impact of CEO ability on the relation
between opacity and firm performance. In addition to the benefits of corporate
transparency, the literature provides evidence on the negative relation between corporate
opacity and firm performance. Moreover, Bertrand, Schoar (2003), Perez-Gonzales
(2006), and Falato et. al. (2009) suggest that there is a positive association between CEO
ability and firm performance, due to those CEOs’ better decision making abilities. If
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Although these papers evaluate different questions, they all develop a “signal-jamming” model, whereby
one player intends to mislead the other player, by distorting, manipulating or simply not providing full
information.
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high-ability CEOs have more accurate forecasts and make superior decisions for their
shareholders, the increased opacity may not necessarily be a value decreasing action.
Accordingly, I expect the effect of opacity on firm performance to be positive when that
decision comes from a high-ability CEO.
I also consider a possible endogeneity problem, which may be driving my results,
due to the complexity of the firms. Rosen (1982) and Rose and Shepard (1997) argue that
high-ability CEOs are matched with more complex firms. Bushman et al., (2004) also
suggests that organizational complexity may impact the corporate transparency decisions.
Therefore, any finding that supports my arguments may be driven by firm complexity,
rather than CEO ability. As an attempt to overcome this concern, I create a propensity
score matched sample, in which I have firms with high- and low-ability CEOs matched
on their predicted propensities to be a complex firm. Supporting earlier results, I find that
high-ability CEOs manage less opaque firms than their matched low-ability peers.
I introduce a new measure for CEO ability assessment. As a proxy for ability, I
examine CEO’s decision making ability on a different context, namely presidential
campaign contributions. I evaluate decision making ability by examining the CEO’s
personal contributions to presidential election campaigns and build a “Predictive Ability
Index” based on how accurate the CEO’s decision towards making commitment to a
particular candidate was. The “Predictive Ability Index” is defined as actual presidential
performance minus the expected presidential performance.
I develop an opacity index to evaluate the relative opaqueness of the firms in my
sample (Anderson et al., 2009). I find that CEO ability is negatively and significantly
associated to opacity. My result is consistent with the notion that low-ability CEOs try to
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signal-jam the inferences of the market about their talent by creating high-opaque firms,
as well as the idea that low-ability CEOs seek to work for high-opaque firms. It is very
difficult, if not possible, to separate out their effects. This finding is supported by the
complexity-matched sample results. Lastly, the analysis on the value impact of the
opacity decisions reveals that if the decision to remain opaque is coming from a highability CEO, it is not a value decreasing action. The results suggest that a high-ability
CEO may still be able to provide better firm performance, even when the firm increases
the opacity level.
This study makes three potential contributions. First, I introduce a novel approach
to create a proxy for CEO ability that potentially captures CEO decision-making, albeit in
a different context. Second, my analysis brings to light the notion that CEO ability is an
important factor when it comes to corporate opacity. Lastly, my analysis highlights the
possibility that opacity is not necessarily a value-destructing decision for corporations, if
it comes from a high-ability CEO.
The remainder of the paper is organized as follows: Section 2 explains the ability
measure in detail. Section 3 describes the data, variables of interest, and control variables.
Section 4 provides univariate analysis results. Empirical tests and results of multivariate
analysis are explained in Section 5. Section 6 presents the results of the complexitymatched sample evaluation as a robustness check, and Section 7 concludes the paper.

2. CEO PREDICTIVE ABILITY
2.1. THE IDEA BEHIND THE PREDICTIVE ABILITY
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Creating a measure to quantify CEO ability is a very challenging task.
Researchers have tried using various observable characteristics of CEOs as a proxy for
their ability; such as MBA degree of the CEO (Bertrand and Schoar, 2003), tenure
(Murphy, 1986; Rose and Shepard, 1997), reputation and age (Milbourn, 2003) 4 .
However, these proxies may not be classified as actual actions of CEOs so they may fail
to capture the set of abilities a CEO needs to manage a firm. On the other hand, firm
performance, which is more likely to be an outcome of ability, has been widely used as a
proxy for ability itself. While Rajgopal et al. (2006) utilizes firm performance to evaluate
CEO ability, Bertrand and Schoar (2003), as one of the most powerful approaches so far,
track the CEOs switching firms and measure performances of those firms to evaluate
CEOs’ ability. Besides an endogeneity problem, using performance as an ability proxy
prevents the assessment of the impact of ability on firm performance. Therefore, a fresh
perspective on CEO ability would be very valuable in the literature.
The unique measure of CEO ability introduced in this paper is constructed based
on the argument that CEOs use their decision-making ability while making a presidential
contribution, suggesting that such an action is far beyond being a simple decision. It
requires an extensive degree of evaluation, foresight and decision making abilities. In
order to make such a decision, a CEO should evaluate the candidate’s current status in the
presidential race, foresee the candidate’s future performance, and present an extra effort
to analyze all information about the candidate available during the election. Specifically,
I create a measure that attempts to capture the CEO’s assessment, foreseeing and

4

In addition, Kaplan et al. (2008) uses a wide range of characteristics gathered via personal interviews with
CEOs, and Frydman and Saks (2010) provides a good review for the CEO characteristics that served for
this purpose in areas other than corporate finance.
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decision-making ability. I call this measure as “Predictive Ability Index”. If certain
abilities are crucial for a CEO in managing a firm, I expect this measure to capture such a
hard-to-measure content.
Political science literature suggests that presidential campaign contributors offer
unique opportunities to evaluate the reasons for such participation, primarily due to the
fact that this diverse group of people, along with their high socioeconomic status and
resource rich capabilities, is intensively involved in political activities (Brown et al.,
1980a; Brown et al., 1980b; Hedges, 1984). Brown et al. (1980a) specifically indicates
that business leaders, who are included as the CEOs of public firms into my study, are
members of this elite group.
I argue that CEOs’ activities are not limited only to campaign contributions,
similar to the rest of this elite group. Brown et al. (1980a) evaluate the different ways of
political participation of presidential campaign contributors and suggest that
contributions are only one of the many others. They propose that the activities consist of
campaigning, contributing, playing a mediator role between citizens and government,
voting and attempting to persuade others. If CEOs are also playing these roles during
presidential elections, it can be argued that they make commitment to particular
presidential candidates via various combinations of these channels. The simple
correlations between the different ways of participation presented in the Brown et al.
(1980a)’s study reveal that it is very likely for a campaign contributor to also do
campaigning, act as an intermediary person between citizens and the government, as well
as other activities . As Brown et al. (1980a) argue, they cannot be simply check-writers.
This supports the idea that a CEO usually carries his/her commitment to a particular
8

candidate even further by also getting involved in many other political activities.
Therefore, I argue that making a contribution is not a minor decision for CEOs and the
assessment of making a contribution requires an extensive use of decision making ability.

2.2. DETAILS ABOUT THE DATA SELECTION FOR THE PREDICTIVE
ABILITY
While examining a CEO’s predictive ability to a presidential candidate and
evaluating the success of such a decision, there is one important issue that should be
taken into account. Political campaign contributions are typically associated with
attempts to seek political connection. Recent literature on political connections examines
relatively more substantial evidence, such as connections with kings, presidents,
parliament members (Faccio et al., 2006; Fisman, 2001) or prior politicians as board
members (Agrawal and Knoeber, 2001), than personal campaign contributions. The legal
limits on personal contributions make it even less likely to initiate such connections,
especially when those limits are compared to the PAC contribution limits5. Moreover, the
fact that I use contributions to presidential elections, rather than any local elections like
those for governors or mayors, allows me to believe that the Predictive Ability Index
evaluates the accuracy and success of CEOs’ decisions but not the CEOs’ attempts to
promote their firms’ political connections6.
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If there is any election contribution that helps the CEO to build such political connections, a local election
will be more likely to serve that purpose. Claessens et al. (2008) support this idea by providing evidence
that contributions to local elections ensure better firm performance through preferential financial access.
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The following additional steps are included as further efforts to ensure that the
Predictive Ability Index evaluates the CEOs’ choices and decision-making ability. First
of all, I use the data from presidential elections in 2008 and 2000, to make sure that there
are no incumbent candidates with potential to alter the degree of competition in a
presidential race and affect the importance of prediction while making a decision to
contribution. Secondly, the Predictive Ability Index considers only the CEO contribution
data till the first primary election, which is the Iowa primary, in both elections.
Considering the Iowa primary as an early indication of presidential election results, I
suggest that any contribution made before the Iowa primary results is likely based on the
CEO’s own analysis of the candidates, degree of competition in the election and his/her
decision making ability since there are no actual results available yet. However any
contribution made after some election results are provided is less likely to be based on
prediction and analysis but more likely to be based on the revealed results7. In addition,
my proxy evaluates the CEOs who contributed only to a single candidate and excludes
the CEOs contributed to multiple candidates and/or parties. Such a contribution is
presumably an effort to hedge from an unsuccessful decision but not a prediction.
Overall, the Predictive Ability Index presents an extra effort to capture the forecasting
and decision making content of CEO contributions.

2.3. CREATING THE PREDICTIVE ABILITY INDEX
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Moreover, as the presidential race moves forward to the next primaries, the results become obvious or
some candidates drop out of the race by endorsing others. Therefore, the longer one waits to make a
contribution, the less prediction and analysis he/she needs.

10

In order to measure the accuracy and success of a CEO’s decision on choosing a
candidate in presidential primaries, I create the “Adjusted Presidential Commitment
Index” by comparing the expected performance and the actual performance of the
presidential candidates8. In other words, I evaluate the candidates’ performances and
adjust that by the expected performance levels. The specification for the index is as
follows:
!"#$%&'%(#
=
!"#$#%&!INDEX

Expected
Actual
Candidate − Candidate
Performance
Performance

Expected candidate performance provides the information of the relative positions
of the candidates in the presidential race, such as who is leading the race and who is a
possible front-runner. In other words, expected performance reveals the possible ranking
of the candidates before initial results are out in the primary elections. I believe that a
CEO considers the current situation in the presidential race while making a contribution
and commitment to any presidential candidate; therefore I include “expected
performance” as one of the factors affecting my ability proxy. I gather the expected
performance probabilities from the “Iowa Political Markets”, one of best known markets
in the Iowa Electronic Markets (IEM), which is a real-money futures market in which the
contract prices are designed to predict the election outcomes, and intended to be used as a
research and education tool9. IEM provides daily price history of the contracts in political
markets, by which I collected the expected probabilities of each candidate and party
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For the sake of calculations, Predictive Ability Index scores are adjusted to have a range of (0,1).
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IEM is one of the respected, longest-running online prediction markets which provided valuable data for
literature in finance, economics, strategy, and information systems. It has also been referred in business
magazines, such as Business Week and Forbes.

11

winning the presidential election in 2008 and 200010. Considering that the decision to
contribute to a presidential candidate may be affected by the party affiliation of that
candidate as well as the CEO’s own political view, I tried to integrate the probability of
party success into the Commitment Index. Therefore, I measured the expected candidate
performance as a product of the probability of candidate success and that of party
success.
Expected
Party
Candidate
×Prob
Candidate = Prob
Success
Success
Performance
The second component of the Commitment Index is the actual performance of the
presidential candidates. I measure the candidate performance by using the total number of
delegate votes each candidate received in the Iowa and New Hampshire primaries11. I
evaluate the actual performance by calculating the percentage of total delegates in two
primaries. Consequently, I compute the actual candidate performance as follows:
Actual
!"#$%$"&'!!"#"$%&"!!"#$%!!"!!"!&!!"!!"#$%"#&'
Candidate = !"#$%!!"#"$%&"!!"#$%!!"!!"!&!!"!!"#$%"#&'
Performance
Creating an index that compares the actual candidate performance with the
expected performance provides many advantages in terms of capturing the CEOs’
decision making, analyzing and forecasting ability. First of all, the actual performance
acts as a benchmark for the expectations and it allows me to realize if a candidate
fulfilled, exceeded or stayed below the expected performance level. At the end,
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The reason why I also included New Hampshire Primary results is that some of the major candidates did
not campaign in Iowa Primary, especially in 2000. The fact that there are only couple of days between
these two primaries still allow me to present their results as the first results that came out about the actual
performance of candidates.
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contributing to a candidate that was very likely to perform well does not require much
ability. The ability is hidden in a contribution made to a candidate who exceeded the
expectations on him/her. For example, in the presidential election in 2008, Hillary
Clinton was expected to perform well; therefore a CEO contribution to Hillary Clinton
would not necessarily be as a result of that CEO’s prediction ability. However, the key
point was to predict if she would perform better than her expected level; i.e. to forecast if
she would do better than Barack Obama.

3. DATA AND VARIABLES
I construct the sample basically by two major steps. First, I identify the CEOs of
public companies who made individual contributions to presidential candidates in 2008
and 2000 presidential elections. Afterwards, I collect the financial information of the
companies of those contributing CEOs.
The data for individual contributions to presidential candidates come from the
Federal Election Committee’s (FEC) website, where they provide public disclosure of
campaign finance information12. I start the sample construction by getting the individual
contribution data for the 2008 and 2000 presidential elections. FEC provides campaign
finance information such as the full name, employer and occupation of the contributor, to
whom he/she contributed to, contribution amount and date. I also get a list of all CEOs
listed in the Standard and Poor’s COMPUSTAT database over the period of 2004 - 2008
and 1996 - 2000 and match those with the names of the contributed CEOs. For a CEO to
be included in the sample, the contributor first and last name should match with the CEO,
12
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the company name provided as the employer information in the contribution data should
also match with the CEO’s company name. By using the contribution receipt date
information, I specify the timing of CEO contributions. This creates the list of CEOs
made individual contributions to presidential candidates in 2008 presidential election13
and that in 2000 presidential election14, along with the CEOs’ contribution information.
The list consists of 428 unique CEOs for 2008 presidential election and 475 CEOs for
2000 presidential election.
I obtain the company and industry data from COMPUSTAT database, and the
corporate opacity data from CRSP and IBES databases. The final sample consists of
firms with contributing CEOs from 1996 to 2008, including 3,558 firm-year observations.
I reach to the final sample after keeping only the contributions made before the Iowa
Primary. Among these observations, I eliminated the CEOs who made contributions to
multiple parties or candidates, since those CEOs are simply protecting themselves from a
wrong decision or at least trying to guarantee that one of their contributions go to the
winner candidate. I do not consider such contributions as a prediction; therefore I do not
include those to my sample.

3.1. CORPORATE OPACITY

13

The list for 2008 presidential election includes the following major candidates: Democratic candidates:
Joe Biden, Hillary Clinton, Christopher Dodd, John Edwards, Barack Obama, and Bill Richardson;
Republican candidates: Sam Brownback, Jim Gilmore , Rudy Giuliani, Mike Huckabee, Duncan Hunter,
John McCain, Mitt Romney, and Fred Thomson.
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The list for 2000 presidential election includes the following major candidates: Democratic candidates:
Bill Bradley and Al Gore; Republican candidates: Lamar Alexander, Gary Bauer, George W. Bush,
Elizabeth Dole, Steve Forbes, Orrin Hatch, John Kasich, Alan Keyes, John McCain, and Dan Quayle.

14

I develop an opacity index to evaluate the relative opacity of each firm in my
sample. The index uses four different corporate opacity proxies, namely trading volume,
bid-ask spread, analysts following, and analysts forecast dispersion. In a similar manner
to Anderson et al. (2009), the index is constructed in such a way that the degree of
corporate opacity increases as the index score increases.
Trading volume (Dollar Volume) is included to the opacity index as a proxy for
information uncertainty (Leuz and Verrecchia, 2000).It is calculated as the natural log of
the average daily dollar volume of each firm during the fiscal year. Second entry in the
opacity index is the bid-ask spread (Spread), which is used in the literature to proxy for
information asymmetry (Diamond and Verrecchia, 1991). The bid-ask spread variable is
calculated by taking the difference of the fiscal year-end ask and bid prices, and dividing
by the average of the bid and ask price. The data for Dollar Volume and Spread is
collected from CRSP database. Last two variables included to the opacity index are
number of analysts following (Analysts) and the analysts forecast dispersion (Forecast
Dispersion). Lang and Lundholm (1996) suggest that those variables may be used to
measure the market scrutiny and information availability. I use the natural logarithm on
number of analysts following. The analysts forecast dispersion is calculated as squared
difference between the maximum and the minimum forecast value, scaled by the average
forecast value. Analysts and Forecast Dispersion data is gathered from IBES Database.

3.2. FIRM PERFORMANCE
I use Tobin’s q as the measure of firm performance. Tobin’s q is calculated as the
ratio of the market value of the firm to its book value. Natural log of Tobin’s Q is used in
15

the multivariate analysis, following the literature (Chung and Jo, 1996; Gompers et al.,
2008). Relevant data values are gathered from COMPUSTAT database.

3.3. CONTROL VARIABLES
I control for the factors included in the literature that potentially affect corporate
opacity and firm value. Firm size is measured by the natural log of book value of total
assets. Research and Development (R&D) Intensity is calculated as the R&D expenses,
scaled by total assets. Capital expenditure is the ratio of capital expenses to total assets.
Sales growth over total assets is used to control for growth opportunities, and included as
the Growth variable. Debt Ratio is measured by scaling long-term debt by total assets.
Standard deviation of monthly stock returns for the prior 3 fiscal years is included as the
Risk variable. Prior performance is the return on assets from the previous year, calculated
as the ratio of net income over the book value of total assets from the prior year. Firm
age is calculated by the number of year since the firm’s data is provided in Compustat
database. Lastly, I include dummy variables for each 2-digit SIC code and for each year
in my sample.

4. UNIVARIATE ANALYSIS
4.1. SUMMARY STATISTICS
Table 1 presents the summary statistics of my sample. Panel A provides the mean,
median, standard deviation along with the minimum and maximum values of my
variables. Individual components of the Opacity Index are also included in the table, as
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well as the Opacity Index. Panel B displays the correlation matrix of the variables of
interest for the full sample.
My sample includes the firms with CEOs who made personal contributions to
2000 and 2008 presidential elections and consists of 3,558 firm-year observations,
ranging from 1996 to 2008. There is a substantial variation in firm size, with average firm
size of $17.2 billion. Firm performance, measured by Tobin’s q, ranges from 0.30 to
16.13 and the mean and median values are 1.95 and 1.46, respectively. My sample has an
average R&D intensity of 2.01%, and debt ratio of 20.22%. Firm age, with mean value of
26.37, has a minimum value of 1 year and a maximum value of 59 years.
Panel B in Table 1 displays the correlation matrix for the key variables of
corporate opacity. Supporting my earlier arguments, CEO ability proxy appears to be
negatively related to opacity index. Specifically, an increase in CEO ability is associated
with an increase in dollar volume and number of analysts following, and a decrease in
bid-ask spread and analysts forecast dispersion. Moreover, ability seems to be positively
associated with firm performance, measured by Tobin’s q.
[Insert Table 1 about here]
Mean difference test results between the firms with high-ability CEOs and those
with low-ability CEOs for the key variables are presented in Table 19. Relative to the
firms with low-ability CEOs, those with high-ability CEOs are significantly smaller (7.86
< 8.06), more risky (37.02% > 7.32%) and younger (25.07 < 27.67). They have lower
capital expense ratios (5.10% < 6.05%), yet higher R&D intensity (2.17% > 1.86%). And
overall, high-ability CEOs are better performers (2.03 > 1.87). Regarding the differences
in corporate opacity measure, the results are supporting my initial hypothesis. High17

ability CEOs have firms with significantly higher dollar volume (16.55 > 16.30), lower
bid-ask spread (0.73% < 1.24%) and greater number of analysts following (8.57> 7.73).
Taken as a whole, the results of those differences are visible on the opacity index values.
High-ability CEOs’ firms are significantly less opaque compared to their low-ability
peers (0.5260 < 0.5738). This results leads to, on average, 9.08% difference in corporate
opacity between the firms with high- and low-ability CEOs15.
[Insert Table 2 about here]

4.2. A DEEPER LOOK AT CORPORATE OPACITY: 2 BY 2 TABLES
I continue my univariate analysis with an additional step to evaluate the effect of
corporate opacity on firm performance for high- and low-ability CEOs. I divide my
sample into four different subsamples, by the firm’s opacity level and the CEO’s ability
level. I first rank the sample by the opacity index to determine the more- and less-opaque
firms. Then, within each subsample, I rank the firms based on their CEO’s ability index
score. Top and bottom terciles for CEO ability are compared. As a result, I have four
groups, such as more-opaque firms managed by low-ability CEOs, more-opaque firms
managed by high-ability CEOs, and so on. I examine the performance values of these
four groups of firms. The results are presented in Table 3.
[Insert Table 3 about here]
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The value is calculated as following:

0.5738 − 0.5260
= 0.0908 = 9.08%
0.5260
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Panel A in Table 3 shows the performance values, measured by Tobin’s q. The
column-wise analysis of the table serves my interest better, since it displays the impact of
opacity on firm performance for the firms with high- and low-ability CEOs. Firm
performance significantly decreases with the increased opacity, for both low- and highability CEOs. However, the comparison of the change in performance for low- and highability CEOs may provide more interesting inferences, which leads us to Panel B of the
same table. My second hypothesis suggests that the value-deteriorating impact of
corporate opacity may be decreased, if such decision is coming from a high-ability CEO.
This argument implies that the decrease in Tobin’s q due to high opacity for low-ability
CEOs would be greater than that for high-ability CEOs. Panel B presents the one-tailed ttest results for the change in firm performance due to opacity. Supporting the above
argument, I find that when opacity increases, firm performance decreases significantly
more for low-ability CEOs than their high-ability peers.
Recognizing the fact that firm size, R&D intensity, riskiness and other firm
characteristics may affect the CEOs’ corporate opacity decisions and the firms’
performance level, I continue my evaluation with multivariate analysis.

5. MULTIVARIATE ANALYSIS
5.1 CORPORATE OPACITY, CEO ABILITY AND COMPETITION
The hypotheses presented above examine the association between CEO ability
and corporate opacity. I estimate the following model to test these hypotheses:
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+
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Firm Opacity is the opacity index, developed using trading volume, bid-ask
spread, analysts following and analysts forecast dispersion as opacity measures. Ability is
an indicator variable equals one when the ability index score of a CEO is above median
value. The first control variable is the natural log of total assets, as firm size. Others
include R&D expense, capital expenditure, sales growth, long-term debt (all adjusted by
total assets), stock return volatility, firm age and prior performance. Industry dummies
control for each 2-digit SIC code, and year dummies control for each year in my sample.
Table 4 presents the results of the first model. Column 1 evaluates the effect of
CEO ability on corporate opacity. Column 2 through Column 5 examines the CEO
ability’s impact on the individual components of the opacity index, using volume, spread,
number of analysts and analyst forecast dispersion as the dependent variables,
respectively. Consistent with my initial set of hypotheses, which suggests there exists a
negative association between CEO ability and corporate opacity, I find that the
coefficient estimate of CEO ability variable is negative and significant. This result
implies that high-ability CEOs manage less opaque firms, which may be due to two
competing notions. It may be the case that while high-ability CEOs are creating lower
opacity levels to signal their abilities to the market, low-ability CEOs signal-jam the
20

market’s inferences about their talent by limiting the available information. It may also be
argued that such negative association exists because low-ability CEOs prefer managing
more opaque firms. While I cannot yet distinguish between these two notions, I find that
there is a strong negative association between CEO ability and corporate opacity. The
individual components of the opacity index also provide supporting results. I find that
CEO ability is significantly and positively associated to volume and number of analysts,
and negatively associated to the analyst forecast dispersion.
[Insert Table 4 about here]

5.2 FIRM PERFORMANCE, CORPORATE OPACITY AND CEO ABILITY
The results so far show that there are significant differences between the corporate
opacity decisions of high- and low-ability CEOs. It is also important to analyze the value
impacts of such differences in opacity levels. As stated in my final hypothesis, if those
high-ability CEOs with more accurate forecasts make superior decisions for their
shareholders, their decision to increase opacity may not necessarily be value decreasing.
To examine this proposition, I estimate the following regression model:

!"#$%#&'()"
= !! + !! !"#$#%& + !! !"#$!!"#$%&' + !! !"#$#%& !"#$!!"#$%&'
+ !! !"#$!!"#$ + !! !&! + !! !"#$%ℎ + !! !"#$
+ !! !"#$!!"#$% + !! !"#$ + !!" !"#$!!"# + !!! !"#$%#&'()!!!!
+

!! !"#$%&'(!!"##$ +

!! !"#$!!"##$ + !
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where Performance is measured by the natural log of Tobin’s q and other variables are
as described above.
Table 5 displays the regression results. Column 1 presents the results of the standalone impact of CEO ability and opacity on firm performance, while Column 2 shows the
results with the interaction variable of CEO ability and opacity. Columns 3 and 4
replicate the analysis by using an Opacity Dummy, instead of the opacity index that has
been used so far. Column 5 and 6 evaluate the association between corporate opacity and
firm performance, for only high-ability CEOs and low-ability CEOs, respectively. The
results are consistent with the negative association between firm performance and
opacity, i.e. as firm opacity increases, performance decreases. Interestingly, the joint
effect of CEO ability and firm opacity on firm performance is significant and positive.
This provides support for the hypothesis that if high-ability CEO increases opacity, it is
not as deteriorating for firm performance as it would with a low-ability CEO.
[Insert Table 5 about here]
The results in Columns 3 and 4, which are simply included to evaluate the joint
effect of ability and opacity more easily due to the use of indicator variables, allows me
to improve the analysis. From an economic perspective, when CEO ability is low,
performance decreases by 16.77%, on average, due to high opacity. However, when CEO
ability is high, the drop in performance is only 14.25%16. The deteriorating impact of

16

The values are calculated as following:

!"#$%!′ !!!
!"#$%&'(
=
!"#$%&#!!"#$!′ !!!

−0.327 +
0.049 × !"#$#%&
1.95

−0.327
= −16.77%,
1.95
=
−0.278
= −14.25%,
1.95

!"!!"#$#%& = 0
!"!!"#$#%& = 1
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corporate opacity on firm performance decreases when CEO ability increases. This may
imply that high-ability CEOs use opacity in a better way than low-ability CEOs, and
therefore their firms’ market values do not drop as much. Overall, the results are
consistent with my final hypothesis and my analysis suggests that CEO ability may be
considered as a factor that helps decrease the value-decreasing impact of corporate
opacity. The last two columns provide a similar analysis by evaluating the relation
between opacity and firm performance for the subsamples of CEOs. Although there is
significant and negative association for both high-and low-ability CEOs, the impact of
opacity on firm value, which is measured simply by the absolute value of the coefficient
estimate of opacity, is greater for the low-ability CEOs than that of high-ability CEOs
! −1.650 > −1.586 ! .

6. ROBUSTNESS TESTS
When firms are choosing their CEOs, their complexity levels may be an important
aspect, and this in turn may affect the results of my analysis regarding the association
between CEO ability and corporate opacity. Rosen (1982) and Rose and Shepard (1997)
suggest that high-ability CEOs are typically matched with more complex firms. Bushman
et al., (2004) also suggests that organizational complexity may impact the corporate
transparency decisions. Therefore, my results may be driven by the firm complexity,
rather than CEO ability. I recognize that my findings may suffer from this endogeneity
problem and, in this section, I consider an alternative specification.
Attempting to overcome this possibility, I create a propensity score matched
sample, in which I have firms with high- and low-ability CEOs matched on their
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propensity scores, the predicted propensities to be a complex firm (Villalonga, 2004). I
follow Coles et al. (2008) and use firm size, leverage, and number of segments as
determinants of firm complexity, and include R&D intensity, sales growth and industry
as additional determinants. In my matched sample, I have firms with high-ability CEOs
matched with those with low-ability CEOs at 10% propensity score. I have 1,740 firmyear observations in my matched sample, 875 of which belong to firms with high-ability
CEOs and the other 875 observations belong to their matches with low-ability CEOs.
Table 6 presents the descriptive results for the matched sample. The one-tailed
dependent t-test results for the differences of key variables between firms with highability CEOs and their matched firms with low-ability CEOs are displayed. To analyze if
the prior results hold for my matched sample, I test if high-ability CEOs manage less
opaque firms than their matched low-ability peers. All components of the opacity index
are providing similar results, which is high ability CEOs have more trading volume,
lower spread, higher number of analysts following and lower forecast dispersion, relative
to low-ability CEOs. In addition, opacity index value is significantly lower for highability CEOs.
[Insert Table 6 about here]

Table 7 shows the multivariate analysis results using the matched sample. Using
the same model used in previous sections for the full sample, I evaluate the association
between CEO ability and corporate opacity. The coefficient estimate of the Ability Index
is negative and significant, suggesting that high-ability CEOs manage less opaque firms,
compared to their low-ability peers. These results provide additional support for my first
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hypothesis. Overall, these results support the earlier findings, and act as a robustness
check.
[Insert Table 7 about here]

7. CONCLUSION
I examine the association between CEO ability and corporate opacity. Previous
studies indicate that corporate transparency has many tempting benefits, such as
reduction of information asymmetries and mitigation of agency costs, along with
performance or valuation premiums. My work provides an alternative point of view on
corporate opacity, regarding the association with CEOs’ ability levels.
Using a unique measure of CEO Ability, based on how well they forecast the
elections in US presidential race and also developing an opacity index, I show that there
is a negative relation between CEO ability and corporate opacity. This result is robust to
the use of opacity measure used in my study, as well as the individual components of the
measure (trading volume, bid-ask spread, number of analysts following, and analysts
forecast dispersion), which have been widely used in the literature. My findings may
suggest two different notions. High-ability CEOs, with more accurate forecasts, and
therefore, better decision-making abilities, may be using discretion to keep their firms’
opacity level low, in order to act at the best interest of the firm and allow their
shareholders to enjoy the benefits of transparency, as well as to signal their abilities to the
market, while low-ability CEOs may be signal-jamming the market’s inferences about
their talent by limiting the available information. Alternatively, it might as well be the
case that such a negative association exists because low-ability CEOs seek those more
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opaque firms, perhaps in order to use opacity to mask poor performance that they expect
to have. While it is difficult to distinguish between these two notions, I find that there is a
strong negative association between CEO ability and corporate opacity. These findings
are also supported by the propensity score matched sample, as an attempt to overcome a
possible endogeneity problem.
Lastly, I examine the valuation or performance impact of opacity when firms have
CEOs with different levels of abilities. I suggest that when high-ability CEOs increase
corporate opacity, it may not necessarily be a value decreasing action, or the destruction
in value may be smaller if such a decision comes from a CEO with superior decisionmaking ability. The findings support my argument that the deteriorating impact of
corporate opacity on firm performance decreases when CEO ability increases. This may
imply that high-ability CEOs better use corporate opacity than low-ability CEOs. Overall,
my analysis suggests that CEO ability is an important factor in firms’ corporate opacity
decisions.
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Table 1
Descriptive Statistics
The table displays the descriptive statistics for corporate opacity and firm characteristics. Panel A presents
the mean, median, standard deviation, minimum and maximum values of the key variables. Panel B shows
the correlation matrix of key opacity and performance variables with CEO ability proxy, along with pvalues within the parentheses. The opacity index uses four different corporate opacity proxies, namely
trading volume, bid-ask spread, analysts following, and analysts forecast dispersion, and it is constructed in
a way that the degree of corporate opacity increases as the index score increases. Trading volume is
calculated as the natural log of the average daily dollar volume of each firm during the fiscal year. The bidask spread variable is calculated by taking the difference of the fiscal year-end ask and bid prices, and
dividing by the average of the bid and ask price. Analysts variable is measured by the number of analysts
following. The analysts forecast dispersion is calculated as squared difference between the maximum and
the minimum forecast value, scaled by the average forecast value. Firm size is the book value of total
assets, represented in millions of dollars. Research and Development (R&D) Intensity is calculated as the
R&D expenses, scaled by total assets. Capital expenditure is the ratio of capital expenses to total assets.
Sales growth over total assets is used to control for growth opportunities, and included as the Growth
variable. Debt Ratio is measured by scaling long-term debt by total assets. Standard deviation of monthly
stock returns for the prior 3 fiscal years is included as the Risk variable. Firm age is calculated by the
number of year since the firm’s data is provided in Compustat database. Firm performance is measured by
Tobin’s q, and it is calculated as the ratio of the market value of the firm to its book value. Prior
performance is the return on assets from the previous year, calculated as the ratio of net income over the
book value of total assets from the prior year.

Panel A: Descriptive statistics for the entire sample.
Variables

Mean

Median

Std. Dev.

Min

Max

Total assets
R&D Intensity (%)
Capital expenditure (%)
Growth (%)
Debt ratio (%)
Risk (%)
Firm age
Tobin’s q
Return on Assets (t-1)

17,235
2.01
5.56
0.07
20.22
22.15
26.37
1.95
0.036

2,552
0.00
4.04
0.002
17.90
5.59
21.00
1.46
0.043

80,577
6.02
5.78
1.79
16.86
390.93
16.19
1.60
0.140

5
0
0
-7.76
0
0.17
1.00
0.30
-3.245

2,175,052
41.77
50.51
70.37
75.27
76.40
59.00
16.13
0.933

Opacity Index
Ln(Dollar Volume)
Spread (%)
Analysts
Forecast Dispersion (%)

0.5498
16.42
0.98
8.15
779.26

0.5500
16.44
0.36
7.00
8.31

0.1663
1.77
1.87
6.87
15,998.24

0.1500
8.93
-1.72
0
0

0.9750
21.92
40.00
42.00
66,533.60
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Table 1 (continued)
Descriptive Statistics

Panel B: Correlation Matrix of key variables

Ability Dummy
Ln(Dollar Volume)
Spread
Analysts
Forecast Dispersion
Opacity Index
Tobin’s Q

Ability Ln(Dollar
Dummy Volume)
1.00
0.069
(<.001)
-0.138
(<.001)
0.061
(<.001)
-0.010
(0.57)
-0.144
(<.001)
0.049
(0.003)

Spread

Analysts

Forecast
Dispersion

Opacity
Index

Tobin’s Q

1.00
-0.333
(<.001)
0.628
(<.001)
0.006
(0.73)
-0.785
(<.001)
0.218
(<.001)

1.00
-0.149
(<.001)
0.039
(0.02)
0.460
(<.001)
-0.085
(<.001)

1.00
-0.015
(0.37)
-0.641
(<.001)
0.181
(<.001)

1.00
0.043
(0.01)
-0.022
(0.20)

1.00
-0.228
(<.001)

1.00
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Table 2
Descriptive Statistics: Mean Difference Tests between firms with high- vs. low-ability CEOs
The table displays the results of the mean difference tests between firms with high- and low-ability CEOs.
CEOs with ability index score above the median are considered as high-ability, and those below the median
are called as low-ability CEOs. The opacity index uses four different corporate opacity proxies, namely
trading volume, bid-ask spread, analysts following, and analysts forecast dispersion, and it is constructed in
a way that the degree of corporate opacity increases as the index score increases. Trading volume is
calculated as the natural log of the average daily dollar volume of each firm during the fiscal year. The bidask spread variable is calculated by taking the difference of the fiscal year-end ask and bid prices, and
dividing by the average of the bid and ask price. Analysts variable is measured by the number of analysts
following. The analysts forecast dispersion is calculated as squared difference between the maximum and
the minimum forecast value, scaled by the average forecast value. Firm size is the natural logarithm of the
book value of total assets. Research and Development (R&D) Intensity is calculated as the R&D expenses,
scaled by total assets. Capital expenditure is the ratio of capital expenses to total assets. Sales growth over
total assets is used to control for growth opportunities, and included as the Growth variable. Debt Ratio is
measured by scaling long-term debt by total assets. Standard deviation of monthly stock returns for the
prior 3 fiscal years is included as the Risk variable. Firm age is calculated by the number of year since the
firm’s data is provided in Compustat database. Firm performance is measured by Tobin’s q, and it is
calculated as the ratio of the market value of the firm to its book value. *,**,*** denote significance at a
10% level, 5% level and 1% level, respectively.

Mean Value
Firms with
Low-Ability
Difference
CEOs
8.06
-0.19
1.86
0.31
6.05
-0.95
0.02
0.11
20.35
-0.25
7.32
29.70
27.67
-2.59
1.87
0.16

Ln(Total assets)
R&D Intensity (%)
Capital expenditure (%)
Growth (%)
Debt ratio (%)
Risk (%)
Firm age
Tobin’s Q

Firms with
High-Ability
CEOs
7.86
2.17
5.10
0.13
20.10
37.02
25.07
2.03

Opacity Index
Ln(Dollar Volume)
Spread (%)
Analysts
Forecast Dispersion (%)

0.5260
16.55
0.73
8.57
34.20

0.5738
16.30
1.24
7.73
36.23

Number of Observations

1,779

1,779

Variables

-0.0479
0.25
-0.51
0.84
-2.03

t value
-3.37
1.57
-4.80
1.71
-0.45
2.25
-4.80
2.95

***

-8.67
4.12
-8.32
3.65
-0.76

***
***
***
***

***
*
**
***
***
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Table 3
2-by-2 Tables: Firm Performance with Different CEO Ability and Opacity Levels
Additional descriptive results are presented in this table. The sample is divided into four different
subsamples, by the firm’s opacity level and the CEO’s ability level. First, the sample is ranked by the
opacity index to determine the more- and less-opaque firms. Then, within each subsample, firms are ranked
based on their CEO’s ability index score. Top and bottom terciles for CEO ability are compared. As a
result, there are four groups, such as more-opaque firms managed by low-ability CEOs, more-opaque firms
managed by high-ability CEOs, and so on. Panel A displays the performance values of these four groups of
firms. Panel B presents the one-tailed t-test results for the comparison of the change in firm performance
due to opacity levels. Ability is measured by the Predictive Ability Index and opacity is measured by the
Opacity Index as developed in the paper. Firms above median are considered as more-opaque and those
below median as less-opaque. The opacity index uses four different corporate opacity proxies, namely
trading volume, bid-ask spread, analysts following, and analysts forecast dispersion, and it is constructed in
a way that the degree of corporate opacity increases as the index score increases. Firm performance is
measured by Tobin’s q, and it is calculated as the ratio of the market value of the firm to its book value.
*,**,*** denote significance at a 10% level, 5% level and 1% level, respectively.

Panel A: Firm Performance with Different CEO Ability and Opacity Levels
Low Ability
CEOs

High Ability
CEOs

t-stat

Less Opaque

2.44

2.28

1.53

More Opaque

1.68

1.69

-0.03

7.50***

7.82***

Tobin’s Q

t-stat

Panel B: One-tailed t-test results for the change in Firm Performance due to Opacity
Change in Tobin’s Q

Low Ability
CEOs

High Ability
CEOs

t-stat

!!!"!!"##
!!!"!!"#$
!"#$%& − !"#$%&
!"#$%
!"#$%

-0.83

-0.59

-1.98**
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Table 4
Regression Results – Impact of Ability on Opacity
The opacity index uses four different corporate opacity proxies, namely trading volume, bid-ask spread,
analysts following, and analysts forecast dispersion, and it is constructed in a way that the degree of
corporate opacity increases as the index score increases. Ability is measured by the Predictive Ability Index
as developed in the paper and considers the CEOs with above median ability index score as “high-ability”
and those below median as “low-ability”. Firm size is the natural logarithm of the book value of total
assets. Research and Development (R&D) Intensity is calculated as the R&D expenses, scaled by total
assets. Capital expenditure is the ratio of capital expenses to total assets. Sales growth over total assets is
used to control for growth opportunities, and included as the Growth variable. Debt Ratio is measured by
scaling long-term debt by total assets. Standard deviation of monthly stock returns for the prior 3 fiscal
years is included as the Risk variable. Firm age is calculated by the number of year since the firm’s data is
provided in Compustat database. Prior performance is the return on assets from the previous year,
calculated as the ratio of net income over the book value of total assets from the prior year. Industry
dummy variables equal one for each 2-digit SIC code and year dummy variable equal one for each year in
my sample. *,**,*** denote significance at a 10% level, 5% level and 1% level, respectively.
Dependent Variable

Variables
Ability
Ln(Total Assets)
R&D Intensity
Capital Expenditure
Growth
Debt Ratio
Risk
Firm Age
Performance(t-1)
Intercept, Industry and
Year Dummies
Adj. R2
Sample Size

Opacity
Index

Volume

Spread

Analysts

Dispersion

(1)

(2)

(3)

(4)

(5)

-0.008
(-2.19)
-0.067
(-48.50)
-0.199
(-5.28)
-0.263
(-6.21)
0.291
(2.68)
0.136
(10.67)
0.002
(3.60)
0.002
(7.77)
-0.046
(-20.05)
yes
0.6299
3,558

**
***
***
***
***
***
***
***
***

0.067
(2.09)
0.981
(84.77)
3.288
(10.40)
3.415
(9.63)
-1.616
(-1.78)
-1.141
(-10.65)
-0.0002
(-4.77)
-0.016
(-13.97)
0.447
(23.25)

**
***
***
***
**
***
***
***
***

-0.053
(-0.86)
-0.235
(-10.61)
1.194
(1.98)
-0.584
(-0.86)
-1.982
(-1.14)
0.922
(4.50)
-0.0003
(-0.38)
0.013
(5.81)
-0.143
(-3.89)

***
**

***

***
***

0.519
(2.71)
2.571
(37.37)
17.725
(9.43)
14.810
(7.03)
-18.854
(-3.49)
-3.317
(-5.20)
-0.0006
(-0.24)
-0.044
(-6.41)
1.226
(-10.73)

***
***
***
***
***
***

***
***

-1011.1
(-1.81)
509.4
(2.45)
1783.9
(0.33)
-6052.3
(-1.00)
1551.9
(0.10)
1127.1
(0.59)
12.99
(-10.96)
-64.42
(-3.13)
112.14
(0.33)

yes

yes

yes

yes

0.7729
3,558

0.2523
3,558

0.4642
3,558

0.2911
3,558

*
***

***
***
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Table 5
Regression Results – Impact of Ability and Opacity on Firm Performance
Firm performance is measured by the natural log of Tobin’s q, which is calculated as the ratio of the market value of the firm to its book value. Ability is
measured by the Predictive Ability Index as developed in the paper and considers the CEOs with above median ability index score as “high-ability” and those
below median as “low-ability”. The opacity index uses four different corporate opacity proxies, namely trading volume, bid-ask spread, analysts following, and
analysts forecast dispersion, and it is constructed in a way that the degree of corporate opacity increases as the index score increases. Opacity Dummy is an
indicator variable that equals one if the Opacity Index is above median value. Firm size is the natural logarithm of the book value of total assets. Research and
Development (R&D) Intensity is calculated as the R&D expenses, scaled by total assets. Capital expenditure is the ratio of capital expenses to total assets. Sales
growth over total assets is used to control for growth opportunities, and included as the Growth variable. Debt Ratio is measured by scaling long-term debt by
total assets. Standard deviation of monthly stock returns for the prior 3 fiscal years is included as the Risk variable. Firm age is calculated by the number of year
since the firm’s data is provided in Compustat database. Prior performance is the return on assets from the previous year, calculated as the ratio of net income
over the book value of total assets from the prior year. Industry dummy variables equal one for each 2-digit SIC code and year dummy variable equal one for
each year in my sample. *,**,*** denote significance at a 10% level, 5% level and 1% level, respectively.

Dependent Variable = Performance
Full Sample
Variables
Ability
Firm Opacity

(1)
0.040 ***
(3.16)
-1.651 ***
(-29.27)

(Ability)x(Firm Opacity)

(2)
-0.043
(-1.06)
-1.733 ***
(-25.48)
0.154 **
(2.15)

Opacity Dummy

(3)
0.063 ***
(4.63)

-0.301 ***
(-18.48)

(Ability)x(Opacity Dummy)
Ln(Total Assets)
R&D Intensity

-0.090 ***
(-15.25)
1.148 ***
(9.10)

-0.091 ***
(-15.31)
1.123 ***
(8.86)

-0.030 ***
(-5.45)
1.245 ***
(9.26)

(4)

High-Ability
CEOs
(5)

Low-Ability
CEOs
(6)

-1.589 ***
(-19.75)

-1.650 ***
(-20.29)

-0.101 ***
(-11.95)
1.102 ***
(6.95)

-0.083
(-9.74)
1.112 ***
(4.32)

0.039 **
(2.14)

-0.327
(-15.71)
0.049
(1.99)
-0.030
(-5.51)
1.225
(9.09)

***
**
***
***
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Table 5 (continued)
Regression Results – Impact of Ability and Opacity on Firm Performance
Dependent Variable = Performance
Full Sample
Variables
Capital Expenditure
Growth
Debt Ratio
Risk
Firm Age
Performance(t-1)
Intercept, Industry and
Year Dummies
Adj. R2
Sample Size

(1)
0.344
(2.43)
0.270
(0.75)
-0.186
(-4.31)
0.001
(0.33)
-0.002
(-4.95)
0.130
(16.20)
yes
0.5656
3,558

(2)
***

***

***
***

0.352
(2.48)
0.267
(0.74)
-0.185
(-4.27)
0.001
(0.30)
-0.002
(-4.93)
0.131
(16.26)

(3)
***

***

***
***

0.470
(3.11)
-0.006
(-0.02)
-0.302
(-6.60)
0.001
(0.16)
-0.003
(-6.53)
0.174
(20.97)

(4)
***

***

***
***

0.477
(3.16)
-0.002
(-0.01)
-0.303
(-6.63)
-0.001
(-0.22)
-0.003
(-6.52)
0.175
(21.03)

yes

yes

yes

0.5660
3,558

0.5069
3,558

0.5074
3,558

***

***

***
***

High-Ability
CEOs
(5)

Low-Ability
CEOs
(6)

0.869 ***
(4.15)
0.376
(0.99)
-0.069
(-1.12)
0.0001
(0.47)
-0.001 *
(-1.77)
0.136
(11.54)

-0.114
(-0.56)
-4.945
(-1.78)
-0.279
(-4.31)
0.006
(4.13)
-0.003
(-4.89)
0.120
(10.72)

yes
0.5671
1,779

*
***
***
***
***

yes
0.5902
1,779
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Table 6
Matched Sample Results: Descriptive Statistics
The table presents the descriptive matched sample results. The matched sample is created based on the
propensity score with the following determinants: R&D intensity, firm size, leverage, sales growth, number
of segments, and industry as the determinants. The matched sample consists of firms with high-ability
CEOs matched with those with low-ability CEOs at 10% propensity score. The table shows the one-tailed
dependent t-test results for the differences of key variables between firms with high-ability CEOs and their
matched firms with low-ability CEOs. The opacity index uses four different corporate opacity proxies,
namely trading volume, bid-ask spread, analysts following, and analysts forecast dispersion, and it is
constructed in a way that the degree of corporate opacity increases as the index score increases. Trading
volume is calculated as the natural log of the average daily dollar volume of each firm during the fiscal
year. The bid-ask spread variable is calculated by taking the difference of the fiscal year-end ask and bid
prices, and dividing by the average of the bid and ask price. Analysts variable is measured by the number of
analysts following. The analysts forecast dispersion is calculated as squared difference between the
maximum and the minimum forecast value, scaled by the average forecast value. Ability is measured by the
Predictive Ability Index as developed in the paper and considers the CEOs with above median ability index
score as “high-ability” and those below median as “low-ability”. *,**,*** denote significance at a 10%
level, 5% level and 1% level, respectively.

Mean Value
Variables

High vs. Low

Difference

t value

p value

Ln(Dollar Volume)
Spread (%)
Analysts
Forecast Dispersion (%)

>
<
>
<

0.1319
-0.0931
0.4453
-5.89

2.23
-1.17
1.49
-1.58

0.01 ***
0.12
0.06 *
0.05 **

Opacity Index

<

-0.0166

-2.78

<.01 ***

Number of Observations

1,740

37

Table 7
Matched Sample Results: Multivariate Analysis of the Impact of Ability on Opacity
The table presents the multivariate matched sample results. The matched sample is created based on the
propensity score with the following determinants: R&D intensity, firm size, leverage, sales growth, number
of segments, and industry as the determinants. The matched sample consists of firms with high-ability
CEOs matched with those with low-ability CEOs at 10% propensity score. The opacity index uses four
different corporate opacity proxies, namely trading volume, bid-ask spread, analysts following, and
analysts forecast dispersion, and it is constructed in a way that the degree of corporate opacity increases as
the index score increases. Trading volume is calculated as the natural log of the average daily dollar
volume of each firm during the fiscal year. The bid-ask spread variable is calculated by taking the
difference of the fiscal year-end ask and bid prices, and dividing by the average of the bid and ask price.
Analysts variable is measured by the number of analysts following. The analysts forecast dispersion is
calculated as squared difference between the maximum and the minimum forecast value, scaled by the
average forecast value. Ability is measured by the Predictive Ability Index as developed in the paper and
considers the CEOs with above median ability index score as “high-ability” and those below median as
“low-ability”. Firm size is the natural logarithm of the book value of total assets. Research and
Development (R&D) Intensity is calculated as the R&D expenses, scaled by total assets. Capital
expenditure is the ratio of capital expenses to total assets. Sales growth over total assets is used to control
for growth opportunities, and included as the Growth variable. Debt Ratio is measured by scaling long-term
debt by total assets. Standard deviation of monthly stock returns for the prior 3 fiscal years is included as
the Risk variable. Firm age is calculated by the number of year since the firm’s data is provided in
Compustat database. Prior performance is the return on assets from the previous year, calculated as the
ratio of net income over the book value of total assets from the prior year. Industry dummy variables equal
one for each 2-digit SIC code and year dummy variable equal one for each year in my sample. *,**,***
denote significance at a 10% level, 5% level and 1% level, respectively.
Dependent Variable = Opacity Index
Variables

(1)

Intercept

0.883
(48.02)
-0.012
(-1.99)
-0.066
(-33.41)
-0.474
(-6.53)
-0.076
(-1.40)
-1.420
(-0.94)
0.089
(4.96)
0.0003
(5.51)
0.0008
(4.08)
-0.057
(-15.39)

Ability
Ln(Total Assets)
R&D Intensity
Capital Expenditure
Growth
Debt Ratio
Risk
Firm Age
Performance(t-1)
Industry and Year Dummies
Adj. R2
Sample Size

0.4148
1,740
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(2)
***
**
***
***

***
***
***
***

0.861
(43.98)
-0.011
(-2.16)
-0.063
(-35.88)
-0.447
(-7.13)
-0.322
(-6.64)
-2.756
(-2.11)
0.096
(6.17)
0.0002
(4.45)
0.001
(6.00)
-0.056
(-17.42)
yes
0.5642
1,740

***
***
***
***
***
**
***
***
***
***

